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Here is a strategy to generate high-quality distractors:
{ RGBT y DFH }

You are an expert in creating multiple-choice question
for reading comprehension. You are provided with a
set consisting of a reading passage, a question, a correct
answer. The question and correct answer are all related
to the content of the reading passage. Your task is to
create a distractor (an incorrect option) from reading
passage, question, and answer according to the above
strategy. Please follow the following steps:

1. Firstly, understand the above strategy well.

2. Carefully read and understand the provided reading
passage, question, and correct answer.

3. Following the strategy, generate a distractor conside-
ring the given reading passage, question, and correct
answer.

4. Output the distractor you generated ONLY.

The input passage, question, and correct answer will
be given the following format:

### Readning Passage: ¢

### Question: g

### Answer: a
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M EERRIC K o TR AR ZEE ST 5. KT, EES
N7y LEE e, M@ q, FEERK a 25
LT, R20D7v Y7 M% Llama3 IZ AJ) U THEEE
REEERXES. 7B, 7oy 7 AT, BELE
FigIcBEE# 3 % few-shot ¥ > 7L DIRBITS. 2D
B2, few-shot ¥ > 7 WIATNEINFHMEL ¢, & q,
EEEIRE a & OEEENE VT — X% Dian 225X
DOFIETHERLTEZS. (1) ¢ q, a ZHEHE LD
% SimCSE (Simple Contrastive Learning of Sentence
Embeddings) €7 /WIZATI L, THERBIRZ b L2 EUR
T 5. (2) AERIC, Dyain FOETOT—XIIRHLTD
SEEIAN Y FARFILTEL. (3) Dyain D55
FEE LAl y iISIGLTED, 2o, AJNTHILT %
DHRHANZ breoad 4 YHEUENEGWT —2% 3
DFEINL, ZN% few-shot > T LTFr YT HIC
Mz 5. &2TIX, EEINhi 320D few-shot > 7L

(top3) _(top3) _(top3) 4(top3) 3
z {(cj 1 4; ;a5 ,d; >}j:1 s 5.

3 FHERER

FEfERR T T —& 42y b D 2 LTRACE 7—&
ty VEHMAEL, BEFEORT Y T2 3%2To72 1
T, Doyt DEF—ZITH LTRF v 7 4 125 > TR
BB R AR L7z, RERTIE, IBEFEROEDT-
DI, ITD 2 DDOFIETHIEERB R AR L /-
FRERTRE 1: RBFHRICREEIRAEN TS & few-shot

P TIADEL 5B E 2 FTITREERK T

3 ARSI ERERIUK O E A

AFELR | JER TR | WP 1 | Tk 2
A 0.97 0.93 0.95
B 0.56 0.20 0.32
ERT 2 TR

BT 20 BRTFIEICHE DM, few-shot > F LD
AT VX LCEZ TREEIRK 2 A RS
3 Fik

BFETERINEAE BRI O MEE, FEBICHE-
BRI T H 25 GHEBA A) &, ffEICI3HFRT
RVEIRE D GHEELR B), @ 2 DOBRICEDSVT
AFIZTEDFHMi L7z, FHliELS A lcowTid 2 BfE (0:
Y], 1:@Y) CFML, FHliES BIZowTido:
EHOLE LTHEELTES T, ABICHEEERETH S
CHIITES, 1 kbLE LTHBEL TEB D, Hitfs:
ﬂﬁtﬂk@ﬁﬁ@‘ 52 CHEERBTH 2 YT 3,
D 2 BXRECEHE L 7=,

KGR TR 3 I1ORT. ROBEZ 100 fcxt 3 25F
i DFEEZRT. T, ?&FEJ'CO)—TIH’?I% (e
Ef&%?b’%é?b”&ﬁﬁmu?‘%ﬁ@k, SR A /\ﬂﬁl

DT EATo /e 25, FHMIEA BizBWT, ﬁ%%‘@
1% THEEZPRON. 22 TE 5T, FHiiBiH B2
OWTHZENEEITo-E 25, HETFEL WETE L,
REFER e HIFE 2 oM TEREKE 1% TEEEVR
b7z, DLLEORRD» S, B EIRIER IS ZHEE L
72 £ T few-shot > PV EEHT 2EFEN LD &
B R RREEIR R R T E 5 Z L DR T & 7.

4 F

$EF T, ZROERE R ME O EHEIR IR D A4 )
A E D RO E I 0 A K 2 HIE S
?&’Ei‘ﬁ% L71.

BEXH

(1) Dutulescu, A., Ruseti, S., Iorga, D., Dascalu, M., Mc-
Namara, D.S.: “Beyond the obvious multi-choice op-
tions: Introducing a toolkit for distractor generation
enhanced with NLI filtering,” Proceedings of the 25th
International Conference on Artificial Intelligence in
Education, pp.242-250, 2024

(2) Maity, S., Deroy, A., Sarkar, S.: “A Novel Mul-
tistage Prompting Approach for Language Agnostic
MCQ Generation using GPT,” Proceedings of the
46th European Conference on Information Retrieval,
pp.268-277, 2024

— 178 —





