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Hierarchical Graph Neural Networks for Student Dropout Prediction
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#F1 £FED AUC

. BE | B
P ey | GNN | DNN | XGB | LGBM
o 1 0.723| 0.697| 0.697| 0.684| 0.677| 0.677
(0.071)] (0.064)| (0.064)| (0.071)] (0.035)| (0.032)
T 2 0.675| 0.669] 0.669| 0.650| 0.592| 0.598
(0.030)] (0.026)| (0.027)] (0.028)] (0.034)| (0.023)
I 1 0.679| 0.674| 0.674] 0.644] 0.664| 0.667
0.036)| (0.031)] (0.032)| (0.048)| (0.066)| (0.075)
BT 2 0.637| 0.632] 0.632] 0.611| 0610 0.601
0.037)| (0.039)] (0.039)| (0.026)| (0.033)| (0.018)
o 1 0.709| 0.700] 0.700] 0.712] 0.644] 0.653
0.041)| (0.038)] (0.039)| (0.032)| (0.037)| (0.035)
e 2 0.729| 0.716] 0.729] 0.717] o0.644] 0.643
0.065)| (0.057)] (0.042)| (0.067)| (0.059)| (0.047)
fEMTE | 0.693]  0.690| 0.716] 0.689| 0.635| 0.637
(0.052)] (0.042)| (0.057)] (0.035)] (0.062)| (0.060)
Sy 0.692| 0.683] 0.683| 0.672| 0.638| 0.639
0.047)] (0.042)| (0.042)] (0.043)] (0.046)| (0.041)
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