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This study proposes the pedagogical use of songs leveraging music-generative Al to practice reading
aloud in English language classrooms and examines the results of the experiments on our method.
Although many cases have been of English songs being used in teaching practice, they have often
been regarded as a supplementary role of motivating learning, not having become a primary teaching
method. Moreover, using English songs was sometimes limited because they did not always contain
the appropriate grammar or expressions for the teaching methods. However, by utilizing a music-
generative Al that can add melodies to any sentence, we can freely create English songs that match
students’ learning levels or interests to practice reading aloud. From our experiment results that
compare the acquisition level between long and short sentences by adding melody to the learning
materials, we derive appropriate teaching methods for English lessons and explore the feasibility of

using music-generative Al
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ChatGPT is ( based on )an ( enormous ) neural network

architecture called GPT (Generative Pre-trained
Transformer), which is one of the ( large-scale )
language models. The first step ( in making ) GPT
produce natural conversation is to ( train ) it with many
sample sentences. However, GPT is an ( artificial
intelligence ) that can create only sentences. If they
(interact ) naturally with humans like ChatGPT, they
must learn many examples of “( dialogue ).” With this
learning process, GPT can “generate” humanlike
dialogues (in response to ) a person’s statement ( as if )
it were said as another person's ( utterance ),

(‘enabling ) it to interact naturally with humans.

® 3 BEREX (94058

ChatGPT (is based on ) GPT, a (large-scale ) language
(' model ). GPT ( produces ) natural conversation ( by
training ) with many ( sentences ). GPT is an ( artificial
intelligence ) to create only sentences. When they learn
( dialogue ), they ( interact ) naturally with humans.
With this

( learning process ), GPT can ( generate )

(humanlike ) dialogues.
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