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Construction of a summary generation system

that reflects the viewpoints of academic papers
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The purpose of this research is to develop a summary generation system that reflects the viewpoints

of academic papers. This is achieved by building a point-of-view classifier for the main text of an

article and generating a summary using the sentences classified by the point-of-view classifier as

input. The accuracy of the point-of-view classification is important for the final summary generation,

and section information is used to improve the accuracy. We verified the possibility of useful

summary generation by defining important sentences and learning the degree of importance.
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