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Currently, Japanese language education tends to focus on learning grammar and vocabulary, while
neglecting the development of listening skills, language operation skills, and expressive abilities.
Furthermore, the coexistence of learners with different learning levels and introverted personalities
in the same class causes a sense of shame and a reluctance to speak, which in turn leads to low
motivation. In this paper, we report on the possibility of changing the approach to Japanese self-
learning by further improving the LMS (Learning Management System) materials developed in our
previous study and introducing the latest generative AI, GPT3.5 Turbo (a model of OpenAl). We also
report a practical case study of the use of GPT3.5 Turbo (among the practical cases using GPT3.5

Turbo at the beginner, intermediate, and advanced levels of learning).
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Hello there! Welcome, all beginner Japanese
language learners. Let's have a fun Japanese
practice session today. Below, I will provide
detailed instructions and guidelines for our
conversation. Please use these as a basis to enjoy
our chat.

Teacher's Setup

I am an Al assistant here to support your
learning journey. Through simple conversations in
Japanese, I will help you improve your Japanese
language skills.

Self-Introduction

Let's start with self-introductions. Please tell
me your name, where you're from, hobbies, and
occupation if applicable.

Using Simple Expressions

Try to use simple words and expressions (at the
A2 level of the JF Japanese Language Education
Standard) as much as possible. Choose words that
you find easy to understand.

Encouraging Questions

Feel free to ask questions whenever you like.
Ask about things you're curious about.

Supportive Responses

I'll strive to provide clear responses to help you
understand. Don't hesitate to ask if there's
something you don't understand.

Enjoy the conversation and have fun practicing
Japanese!
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