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The purpose of this research is to develop a learning partner robot that can adapt its interaction to each learner's
individual reactions to enhance learner engagement. To realize the partner robot, we implemented the engagement
estimation architecture, designed a robot interaction model to update the robot's strategy according to the learner's
response to the interactions. We conducted a comparative experiment with 20 graduate student participants with and
without robots. The results indicated that the accuracy of engagement estimation by face images was 53.8%, the
average engagement during learning was significantly higher in the with-robot condition, and the satisfaction with

the robot interaction was highest in the last 1/3 of the learning period.
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