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The purpose of this research is to propose a method for constructing learner models from keywords and images of

interest to individual learners in Web-based Learning by combining deep learning techniques. This makes it possible

to represent learners' characteristics in self-directed learning in a vector representation. As a preliminary step, this

article describes a method for generating common multimodal vector representations from text and images and

confirms the characteristics of subjects' text-based and image-based preferences through preliminary experiments.
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