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The purpose of this research is to develop an automatic summarization system for research articles that reflects the
viewpoints such as the research background, purpose, method, and evaluation to support surveys by researchers and
students. Since there are limited datasets on the summary reflecting the viewpoints, we adopt supervised machine
learning, reinforcement learning, and dynamic programming to extract the critical sentences in each viewpoint. The
agent automatically extracts summary sentences based on the reward function to test the potentials of improving

summarization accuracy.
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